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Abstract
The paper introduces the method and tool CONFORM (Conflict regocnition by image
processing methods). CONFORM will be integrated as a driver model into the ibeo test
vehicle during the project phase of EU–project HoliDes. The aim of CONFORM is to support
the system designer to properly parameterize the default behavior of a highly automated
vehicle to guarantee a high system acceptance. Thereby CONFORM addresses intra and
inter individual differences in the driving behavior. CONFORM measures the difference
between the default system behavior and the natural driving behavior of a human driver
situation-dependent to determine the necessity of an adaptation. Based on a driving
simulator study the paper describes how CONFORM is able to visualize and to cluster
certain driving patterns/styles in a vehicle following/vehicle approaching scenario. We use
the study results to derive recommendations for the design of the system behavior of highly
automated vehicles.

1 Introduction
OEMs and suppliers recently announced their goal to roll out the first highly automated
vehicles in 2025 [1]. Highly automated vehicles will be smart. They will be able to control the
lateral and longitudinal motion of the vehicle. Therefore highly automated vehicles allocate a
new role to the driver. The driver only has to monitor the system and is allowed to be
inattentive for instance while writing emails [3]. This new role requires the drivers’ willingness
to hand over control to the vehicle. A central point to enhance this willingness is to ensure a
high acceptance of the system behavior by the driver. Therefore, system designers typically
adjust the system behavior to an average driver based on their knowledge from driving
studies. Nevertheless studies also unveil a variance in natural driving behavior among
drivers [2-9]. Thus we will deal with situations where the default behavior of the highly
automated vehicle differs from the expectation of the current driver.
One existing approach to overcome this issue is the adaptation of the system behavior to
different driver types. In the literature [2-9] similar categories of driver types were found
which we summarized into four categories: A normal/moderate driver, a sporty/dynamic
driver, an aggressive driver, a calm/conservative/comfort-oriented driver. However, the
literature review also reveals a wide range of definitions. Especially the considered
parameters depend on the author and the driving task addressed by the system. That’s why
we prefer the term driving style rather than driver type since “style” is more related to the
performance of a certain driving task in a specific situation whereas “type” alludes to a stable
personality trait. We will use the term “driving style” as a linguistic description of observable
patterns of parameter sets related to the maneuver and trajectory planning level. Of course
the above mentioned categories sporty, normal, comfort-oriented, aggressive can be a
foundation for the description of driving style patterns. These situation/context specific
patterns will not only enable the system designer to configure the default behavior properly.
In cases of observed discrepancies between driver and system behavior they allow an
appropriate adaptation of the system behavior. Our contribution will introduce a method and
tool called CONFORM which addresses these two issues.
2 CONFORM
Overall CONFORM is a tool and method for a system designer to:
1. Visualize, measure, analyze the discrepancy between driver and system behavior
2. Identify system parameters for an adaptation
3. Visualize and cluster inter and intra individual differences in the driving behavior

CONFORM is an upgrade of our method presented in [10] and is currently supported through
the EU-Project HoliDes. During the project phase we will integrate CONFORM as driver
model into the ibeo test vehicle. The ibeo test vehicle will have a highly automated driving
mode. The goal of CONFORM will be to adapt the system to certain driving styles situationdependently by adapting the preference of maneuvers and their trajectory. CONFORM
therefore consists of three modules: a situation classifier to adapt to the situation, a memory
to adapt to the natural driver behavior and a conflict analyzer to recognize the urgency for an
adaptation. Fig 1 illustrates the applied structure of CONFORM in the HoliDes project.

Figure 1: Structure of CONFORM in the HoliDes project
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Figure 2: Derivation of a data image
The basic ideas of CONFORM are already mentioned and explained in [10]. Nevertheless
we will briefly recall them. CONFORM uses the classification of the situation to divide the
data stream into data stream snippets. Fig. 2 shows such a data stream snippet. CONFORM
represents discrete multivariate time series of the data stream snippet not as a matrix.
CONFORM rather applies a gray level mapping to transform the time series in to a data
image, as illustrated in fig. 2. Since a situation can occurs more than once, CONFORM
organizes the data images situation-dependently through memory cells based on a design
metaphor namely the human memory. A memory cell in CONFORM (as shown in fig. 3 and

5) is a part of the memory storage in the short or long term memory which assigns a stack of
collected data images to a classified situation. From this stack of data images CONFORM
calculates a median image (see fig. 3). This median image represents the natural driving
behavior in a given situation. CONFORM uses the median image for the comparison with the
system behavior image of the automation. The result is an offset image. CONFORM further
analyzes this offset image by image processing method to obtain to a value to describe the
discrepancy between driver and system behavior. The result is called the conflict potential
and shows the urgency of an adaptation. As mentioned CONFORM is not only a method, it is
also a tool. Therefore we realized a GUI. The GUI is shown in fig. 3. The GUI visualizes the
current memory, the current offset image and the current conflict potential. Additionally, for
each cell it visualizes the median image and its development over the time. Thus the GUI
visualizes the inter-individual difference of the driving behavior. The visualization of the
memory and the median image covers the possibility to visualize and cluster intra-individual
differences of the driving behavior into driving style clusters. These clusters will be used to
define situation-dependently different ranges for the control variables of the highly automated
with regard to the different driving style clusters. For the longitudinal control such variables
are for example time headway, braking response time or max. deceleration.

1

4

2

3

Figure 3: CONFORM GUI: (1) current memory structure, (2) current offset image, (3) current
conflict potential, (4) exemplary median image for one situation/memory cell
3 Visualization and Classification of driving styles
In the first step we consider the distribution of situations in the memory and their potential
criticality. For the recognition of patterns we color less critical situation green to yellow and
more critical situations orange to red (see fig. 5). We calculate the potential criticality of the
situation based on a prediction (t = 3s) and the following equation:
𝑝𝑝𝑝𝑝. 𝑟𝑟𝑟. 𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑 = � 𝑟𝑟𝑟. 𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑 + (0.5 ∗ 𝑎𝐿𝐿𝐿𝐿 ∗ 32 + 3 ∗ 𝑣𝐿𝐿𝐿𝐿 )� − 3 ∗ 𝑣𝐸𝑔𝑔 ∈ [−40,20]

Additionally we came to the conclusion to limit the value to a range between -40m and 20m.
We use the hsv color model and a color interval from red (0°) to green (120°). For that
reason a value of around zero is mapped onto a color between yellow and green (80°), since
it is the boundary between collision and no collision. For a first evaluation of our approach we
focused on vehicle approaching maneuvers. We conducted a study in the dynamic driving
simulator at DLR with 14 participants (11 male, 3 female, average age: 28.9, age range: 1944). The scenario was a 10 min drive on a highway. The traffic density was high to avoid lane
changes and the lead vehicle executed a couple braking maneuvers as shown in fig. 4. This
scenario was the input for CONFORM to learn the driving behavior of each participant.
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Figure 4: Velocity profile of the lead vehicle
3.1 Results
We used our approach described in [10] to classify the situations. We found out that all
participants showed a different memory structure and thus differing driving behaviors.
Nevertheless when we looked closer at the memory structure it was possible to describe four
different clusters/driving styles. Two of them are illustrated in fig. 5.

Figure 5: Visualization of two exemplary memory structures: The top shows a careful driving
style (less critical situations in STM/LTM), at the bottom is a risky driving style
(larger number of critical situations in STM/LTM).
Cluster A1 (4 participants):

Large number of critical situations in STM/LTM. Those drivers
prefer a more risky driving style in general.

Cluster B1 (3 participants):

Larger number of critical situations in STM but few in
LTM. Those drivers tend to a safe driving style but still have
phases when they drive risky.

Cluster C1 (3 participants):

Only few critical situations in STM/LTM. Those drivers
focus on a safe driving style.

Cluster D1 (4 participants): Barely any critical situations in STM/LTM. Those drivers have a
really careful driving style in general.

Table :1 Visualization of the median images clusters for two different situations. The median
image shows the steering angle pos. (1st row), brake pedal pos. (2nd row), accel. throttle pos.
(3rd row), lat. deviation (4th row). Each pixel per column represents a 100ms timestemp.
Less critical Situation (green colored cell):
Rel. distance >25m, <50m, ego vel. around 20
m/s, rel. vel. around zero, lead vehicle brakes
(-2m/s²) with a brake duration >3 sec
A2

More critical Situation (orange colored cell):
Rel. distance >15m,<25m, ego velocity
<22m/s,> 18m/s; rel. velocity around -6 m/s, lead
vehicle brakes (-2m/s²) with a brake duration
between 2-3 sec
A3

B2

B3

C2

C3

D2

D3

Table 1 illustrates data images [10] and recognized patterns for a less critical situation and a
more critical situation. Based on the data images we get a better understanding of the actual
driver behavior in the classified situation. Data images allow us to visualize the variance in
the behavior. In other words, data images help us to configure the system behavior and can
give us a hint on how well an implemented average behavior would perform. Based on the
data images of the less critical situation we see different strategies to decelerate the vehicle.
Moreover we see that all participants show a similar behavior on the steering wheel and
lateral position. All together we found the following driving styles:
Cluster A2 (2 participants): Late and smooth braking
Cluster B2 (4 participants): Early and smooth braking
Cluster C2 (3 participants): Same as B2 but stronger braking
Cluster D2 (5 participants): Smooth release of the accel. throttle and no braking
With regard to the more critical situation we see the same behavior for all participants: no
movement of the steering wheel, lateral position in the middle of the lane and release of the
accelerator throttle to brake the vehicle with slightly differences in the response time (up to
500ms). Therefore it is justifiable to combine the images into the following clusters:
Cluster A3 (3 participants): Very late release of the accelerator throttle
Cluster B3 (3 participants): Late release of the accelerator throttle

Cluster C3 (5 participants): Normal release of the accelerator throttle
Cluster D3 (1 participant): Early release of the accelerator throttle
All together we see that CONFORM allows to cluster the vehicle following/approaching
behavior of drivers into different driving styles dependent on the situation. This allows us to
conclude some recommendations for the longitudinal control of the highly automated vehicle.
In general the description of an average behavior for the longitudinal control of a highly
automated vehicle which suits all drivers seems challenging because of the variation among
the driving styles. It seems a more feasible approach to adapt the behavior to the above
mentioned driving styles dependent on the current situation/scenario. For a vehicle-following
scenario we would adapt the time headway to the lead vehicle with regard to the driving
styles described in (A1-D1). For instance for a driver with a riskier driving style (A1) we would
choose a small time headway (thw). For a driver with a careful driving style (D1) we would
choose a large thw. For the vehicle approaching scenario in less critical situations (which
should be the standard scenario for highly automated driving) we would adapt the
deceleration strategy according to driving styles defined in A2-D2. In case of a hazard
situation, such as a vehicle cutting-in the lane or a suddenly braking lead vehicle, we would
at least adapt the warning time strategies dependent on the driving styles A3-D3.
4 Conclusion & Outlook
The paper addressed the issue for a system designer to properly parameterize the default
behavior of a highly automated vehicle to guarantee a high system acceptance. We
addressed the difference in the system behavior and the natural driving behavior as one
reason of the issue. Motivated by this idea we discussed the possibility to adapt the behavior
of the highly automated vehicle to inter- and intra-individual driving styles. For that reason
CONFORM estimates the necessity of an adaptation by measuring the discrepancy between
driver and system behavior in a first step. If an adaptation is necessary CONFORM is able in
to recognize certain driving styles for an adaptation. A driving simulator study confirmed the
ability of CONFORM to cluster driving styles dependent on the situation into different
categories. In the next development phase we will further investigate natural driving behavior
on highways with a focus on the classification of driving styles in lateral direction, i.e. lane
change maneuvers. Therefore simulator studies are planned. Moreover we will investigate
drivers’ expectations of highly automated vehicles. A very important question to be answered
is: Do drivers really expect that a highly automated vehicle drives as they do, or do they in
general expect something such as a safe driving chauffeur?

ACKNOWLEDGMENTS
This research has been performed with support from the EU ARTEMIS JU project HoliDes
(http://www.HoliDes.eu/) SP-8, GA No.: 332933. Any contents herein reflect only the authors'
views. The ARTEMIS JU is not liable for any use that may be made of the information
contained herein.
References
[1]

http://www.continental-coorporation.com/www/presseportal_com_de/themen/
pressemitteilungen/1_topics/pr_2013_02_26_bwm_de.html (last accessed 04.08.2014)

[2]

Bauer, C.: A driver specific maneuver prediction model based on fuzzy logic, FU Berlin
Diss. 2012

[3]

Kedar-Dongarkar, G.; Das, M.: Driver Classification for Optimization of Energy Usage
in a Vehicle. In: Proceedina Computer Science 8, 2012, pp. 388–393

[4]

Fröming, R.; Schulz, A.: Analyse des Fahrerverhaltens zur Darstellung adaptiver
Eingriffs-strategien von Assistenzsystemen. In: ATZ - Automobiltechnische Zeitschrift
12/2008, pp. 1124–1131,

[5]

Miyajima, Chiyomi; Nishiwaki, Yoshihiro; Ozawa, Koji; Wakita, Toshihiro; Itou,
Katsunobu; Takeda, Kazuya; Itakura, Fumitada: Driver Modeling Based on Driving
Behavior and Its Evaluation in Driver Identification, 2007, pp. 427–437.

[6]

Mehrjerdian, E.; Greul, R.; Geadke, A.; Bertram, T.: Beurteilung unterschiedlicher
Fahrertypen unter besonderer Berücksichtigung des Querdynamikverhaltens. 5 VDITagung, Der Fahrer im 21. Jahrhundert, 2009, pp. 65–78.

[7]

Wegscheider, M., Prokop, G. (2005): „Modellbasierte Komfortbewertung von FahrerAssistenzsystemen“, VDI-Ber. Nr.1900, 2005, pp.17-36

[8]

Wang, J.; Zhang, L.; Zhang, D.; Li, K.: An Adaptive Longitudinal Driving Assistance
System Based on Driver Characteristics. In: IEEE Trans. Intell. Transport. Syst. 14 (1),
2013, pp. 1–12.

[9]

Bifulco, G.N.; Pariota, L.; Simonelli, F.; Di Pace, R.: Development and testing of a fully
Adaptive Cruise Control system. In: Transportation Research Part C: Emerging
Technologies 29, 2013, pp. 156–170

[10] Griesche, S., Dziennus, M.: Images in mind – Design metaphor and method to classify
driver distraction in critical situations. Contribution to 7. VDI-Tagung “Der Fahrer im
21.Jahrhundert“, 5.-6. Nov. 2013 Braunschweig, Germany, In: VDI-Berichte 2205, pp.
85 – 99, VDI Verlag, ISBN 978-3-18-092205-8

