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Copernicus Atmospheric Monitoring service (CAMS) solar CRS routine evaluations and Quality control (EQC)
radiation Se rvices (CRS) * Provision of ground based SSI measurements collected e CRSirradiance vs ground observations evaluations: Use of high quality

on global scale to support CRS evaluations radiation networks
Primary product: SSI Time Series * Consolidated metadata; harmonized netCDF structure * Application of CAMS expert QC on ground observations
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CAMEO: the detailed assessment of the error space of CRS
Questions to be addressed in CAMEO
1. Are the aggregated error metrics provided to the users sufficient for expert applications?
2. Can we assess the main error sources of the CRS irradiance estimates? Pixel-wise error model development
3. Could we give more pixel-wise (non aggregated) uncertainty indicators for irradiance estimations to the users? Principle of the look up table (LUT) and neural network (NN) approaches:
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Localized error model 1: uncertainty inference based on LUT Localized error model # 2: uncertainty inference based on Deep learning
> LUTs created using three parameters: > Uncertainty modelled by a Johnson SU parametric distribution with four parameters controlling the first four moments of the
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— A conditional evaluation indicates that the model is over-dispersive at low values of the clear sky index and under-dispersive

— Ground observation values well contained inside the 90% confidence interval (P5 - P95) at high values of the clear sky index for cases of unseen sites. This lack of spatial generalisation can be attributed to an

— The spread of the confidence intervals correlates well with the local variability situation, i.e., narrow intervals on clear and

overtraining issue.
— The model is well calibrated when testing and training data (not shown here) are same but a significant decrease in accuracy
is observed when the model is applied to stations that were not used for training.

overcast situations and wider intervals on variable situations.
— Potential as a bias correction methodology
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