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Bottom-up calculation of global emissions for the reference year 2019 using
scenario-capable models and improved input data.

Quantification of emissions for various species, including NOx, CH,, CO, N,O,
NMVOC, NO,, PM10, PM2.5, SO,, black carbon, and non-exhaust emissions.
Inclusion of transport-related scenario inputs and corresponding measures to
guantify cumulative emissions through 2050, as well as sensitivity analyses to
assess the impacts of changes in these inputs.

Continuously growing transport demand complicates the reduction of emissions In
the transport sector, highlighting the need for improved modelling

Insufficiencies of available global emissions inventories in scope or scenario
capability

Typically, no coverage of all transport modes and limited information at subsector
level
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Paris 2025 * Interactive ORACLE Web Application to define measures and instantaneously assess impacts at global level
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