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Phase Unwrapping
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Fig 6: Small scale example. The LO QAOA (bottom center and right) manages to reconstruct the original
scene (top left and center), while the L1 algorithm produces errors

Fig 2: The L1 Phase Unwrapping Process. Acquisition of the top left scene generates the wrapped phase top right.. Bottom leftis the reconstructed DEM via L1 phase unwrapping.
Bottom rightis the differences to the original. Bottom right denotes the differences to the original. Each color shift represents a phase error of 2, with bright orange denoting the highest

loss.
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