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A B S T R A C T

Super apps enable consumers to access multiple services through a single mobile application. Platforms like 
WeChat, Alipay, KakaoTalk, and LINE have already been widely adopted across many Asian markets. This study 
aims to develop a greater understanding of consumers’ preferences for super app services in a European context, 
where these apps are beginning to emerge. Using cluster analysis and multinomial logistic regression, we analyze 
data from 764 potential super app adopters in Germany, identifying five distinct preference-based clusters: (1) 
Urban Explorers, (2) Efficiency Experts, (3) the Versatile Majority, (4) Digital Enthusiasts, and (5) the Golden 
Triangle. Each cluster is defined by a unique combination of desired features, with e-commerce, social media, 
and banking/financial services emerging as the most in-demand categories. Our findings indicate that super app 
providers should work to strategically integrate highly demanded services rather than focusing on the incor
poration of an increasingly wide array of features. To our knowledge, this is the first scholarly effort to quantify 
super app service preferences in a European context, offering managers and policymakers evidence-based in
sights to effectively navigate this disruptive technology.

1. Introduction

Digital landscapes in Western countries are rapidly evolving, driven 
in large part by major digital platforms looking to consolidate a wide 
array of services to foster growth through a broader consumer base. This 
trend is exemplified by Elon Musk’s October 2023 acquisition of Twitter, 
marked by the platform’s subsequent renaming to “X” and its stated 
ambition to transform its short-messaging service into an “everything” 
app incorporating various features, including those for shopping and 
payments. These developments signal the growing influence of super 
apps, a concept that is quickly gaining ground beyond its Asian origins 
(Hasselwander, 2024a).

While a uniform definition of super apps remains elusive, Prud’
homme et al. (2023) defines a super app as “a single application […] 
that offers multiple diversified services for everyday personal or com
mercial life, relies on a common financial transaction platform, lever
ages intra-app data to tailor offerings, and is widely adopted.” Through 
these key features – (1) multifunctionality, (2) financial integration, and 
(3) scalability – super apps have the potential to reshape consumer ex
periences and entire sectors.

However, in contrast to the emergence of a single comprehensive 

super app, like observed in some Asian regions with WeChat in China 
(Huang & Miao, 2021), LINE in Japan (Zhu et al., 2023), KakaoTalk in 
Korea (Han et al., 2022), or Grab in Southeast Asia (Rizki et al., 2024a, 
b), Western markets are more likely to see competition among special
ized super apps across domains such as mobility (e.g., Uber, Bolt) 
(Hasselwander, 2024b, 2025), banking/fintech (e.g., PayPal, Revolut) 
(Fasnacht, 2024), and communications/social media (e.g., X, Meta 
Platforms) (Steinberg, 2020). On their path toward super app status, 
these providers focus initially on offering complementary services 
within close proximity to their baseline functions before vertically 
diversifying their offerings (Hasselwander, 2024a).

Notably, Uber first expanded from ride-sharing services to the de
livery of packages and food (Chung et al., 2022), leveraging its existing 
platform architecture to match active consumers with active drivers for 
an expanded range of services (Hasselwander, 2024b). This strategy 
reflects the broader trend of digital platforms diversifying their offerings 
to meet diverse consumer needs (Watanabe et al., 2016). By integrating 
new services, digital platforms can more flexibly respond to shifting 
demands and deliver more personalized consumer experiences. How
ever, this transformation gives way to the question of whether to 
maintain separate apps for each service—setting clear boundaries with 
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regard to branding, customer base, and value proposition—or to 
consolidate all services into a single app, mirroring the business model 
established by the super apps in Asia. Drawing again on the case of Uber, 
it first followed the former strategy, offering a dedicated app for its food 
delivery service (Uber Eats); now, however—alongside a wide array of 
other services—it is available in the main “Uber” app (Hasselwander, 
2024b).

Hence, understanding consumer preferences for different super app 
services in nascent markets can be pivotal, guiding business model 
considerations and integration strategies. This offers a contrast with 
established markets, where consumer preferences and regional varia
tions are already evident. For instance, consumers in East Asia have 
demonstrated a strong preference for messaging-centric super apps like 
WeChat, LINE, and KakaoTalk, while those in Southeast Asia have 
leaned heavily toward transportation and delivery-centered super apps, 
such as Grab and GoJek. It is also worth considering the diverging 
consumer preferences and regulatory frameworks between Asian and 
Western markets. Super apps thrive in Asia due to a rapidly developing 
online economy, the prevalence of financial inclusion gaps, and a gen
eral cultural openness to digital technologies (Prud’homme et al., 2023). 
In contrast, Western markets have established fragmented app ecosys
tems, strong banking systems, and a greater degree of skepticism toward 
data sharing (Hasselwander & Weiss, 2024). Relatively strict EU regu
lations on digital platforms and data privacy, including the General Data 
Protection Regulation (GDPR), the Digital Markets Act (DMA), and the 
Digital Services Act (DSA), enforce stringent requirements with regard 
to user consent, data processing, and platform interoperability. These 
regulations pose significant challenges to the seamless integration of 
different services within super apps, potentially limiting their adoption 
and expansion across the EU (Vezzoso, 2024).

This study focuses on Germany, where super apps are beginning to 
emerge through mobility platforms like Uber and Bolt (Weiss & Has
selwander, 2025). Although the German market is characterized by a 
high rate of smartphone penetration and frequent app usage 
(Hasselwander & Weiss, 2024), comprehensive super apps have yet to 
become available, making it a valuable case for studying consumers’ 
super app preferences. Leveraging a dataset of potential super app users 
(N = 764) enables us to capture nuanced insights specific to this context, 
shedding light on the applicability and potential of super apps in Eu
ropean contexts. More specifically, our study aims to answer the 
following research question:

RQ1. Which groups of consumers share similar preferences for super 
app services, and which indicators contribute to the formation of distinct 
super app market segments?

To answer this question, we adopt a two-step quantitative approach, 
combining cluster analysis with multinomial logistic regression.

Despite the growing prominence of super apps across various global 
markets, research on their adoption, market segmentation, competitive 
dynamics, and impact on the broader digital ecosystem remains scarce 
outside of Asia. This scarcity is particularly notable in European mar
kets. Addressing this gap, the findings of this study make several 
important contributions to the scientific literature. Empirically, the 
quantification of preferences for super app services and the identifica
tion of distinct market segments offer unique insights into the consumer 
behaviors of potential super app users. We also demonstrate that the 
emergence of competing super apps across various domains signifies a 
shift toward a fragmented yet interconnected digital landscape. Within 
such environment, consumers gain access to a multitude of customized 
services that are consolidated and offered by different digital platform 
providers. To the best of our knowledge, this study represents the first 
scholarly attempt to examine these dynamics within a European context, 
providing critical insights into the challenges and opportunities associ
ated with the anticipated rise of super apps in Europe. Notably, we assess 
these dynamics within the broader context of Europe’s digital trans
formation, which has been marked by rapid yet heterogeneous shifts in 

platform economies, consumer behaviors, and AI-driven innovations 
(Hunady et al., 2022; Dąbrowski & Suska, 2022; Weiss & Hasselwander, 
2025). The EU is actively regulating dominant global tech firms while 
fostering its own homegrown platforms (Brühl, 2023), particularly in 
the mobility and banking sectors (Aguado-Correa et al., 2023; Ketter 
et al., 2023; Pérez-Moure et al., 2023; Weiss & Hasselwander, 2025). 
Nevertheless, regulatory constraints, labor market disruptions, and the 
need for substantial investments in digital infrastructure are key factors 
shaping Europe’s digital future (Schmidt & Krimmer 2022; Piasna, 
2024). Against this backdrop, the insights from our results can support 
strategic decision-making and evidence-based policy interventions, 
fostering sustainable growth in the digital economy while enhancing 
consumer welfare. We show that, by identifying distinct consumer seg
ments, super app providers can strategically integrate in-demand ser
vices rather than striving to offer a broad range of features, ensuring 
targeted and efficient service delivery. For example, consumers can 
benefit from streamlined access to key super app services, such as 
essential financial tools alongside e-commerce and social media, 
reducing the need to switch between multiple apps and bolstering 
convenience and efficiency in their daily lives. Moreover, our results 
have managerial implications for large and small companies alike, 
guiding established firms in navigating regulatory challenges and mar
ket expansion while aiding smaller entrants in identifying strategic op
portunities for differentiation and collaboration.

The remainder of this article proceeds as follows. In Section 2, we 
provide an overview of previous studies on super apps (2.1) and forward 
testable hypotheses (2.2). Section 3 details our data and methods. In 
Section 4, we present the results and the identified market segments. 
Section 5 discusses our findings against a backdrop of previous literature 
(5.1), explores managerial implications for super app providers (5.2), 
and concludes with remarks and directions for future research (5.3).

2. Literature review

2.1. Super apps from a social science approach

Despite the significant influence and media attention received by 
super apps in certain regions, academic interest in this phenomenon has 
remained surprisingly limited. As of March 7, 2025, the Scopus database 
features just 29 articles containing the term "super app(s)" in the title, 
abstract, or keywords. Notably, however, there is a body of research on 
related concepts, such as the platform economy, digital ecosystems, and 
multi-sided marketplaces, or on individual features of super apps, such 
as embedded finance, in-app payments, and mini-apps—just without 
explicitly mentioning the term "super app” (e.g., Sadiq et al., 2025; 
Schreieck et al., 2023). Sometimes, alternative terms like "everything 
app," "all-in-one app," and "multi-purpose app" are used to describe 
similar concepts.

While scholars have made important contributions exploring super 
apps from a software architecture and functionality perspective (e.g., 
Cai et al., 2023; Nayebi & Ruhe, 2017), this review focuses more on 
research from the social sciences, aiming to develop a nuanced under
standing of the super app phenomenon by exploring the relationships 
between these platforms and broader societal structures. Scholars in the 
social sciences have investigated the roles and behaviors of various 
agents, including consumers, service providers, and regulatory bodies, 
to shed light on the complex dynamics driving the widespread adoption 
of super apps.

The first studies on super apps in the social sciences emerged in the 
early 2020s in the form of case studies of pioneering super apps in Asia. 
Predominantly stemming from the media and communication literature, 
these studies were primarily theoretical in nature. Jia et al. (2022)
illustrate Tencent’s strategic development of the WeChat messenger app 
into a comprehensive super app, emphasizing its integration of diverse 
services as well as its introduction of mini apps. Similarly, Steinberg 
(2020) describes the evolution of LINE from a chat app into a 
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multi-purpose super app.
More recently, studies have begun conducting quantitative analyses 

to provide empirical evidence of the impacts of super apps, focusing 
either on the supply side or the demand side of the super app ecosystem.

Supply-side studies address questions related to the mechanisms and 
business practices of super apps: Which digital platforms have the ca
pabilities necessary to develop into super apps (Hasselwander, 2024a)? 
What benefits exist for service providers that join super app platforms 
(Guo et al., 2024)? How do super apps expand their business portfolio 
(Wang & Li, 2023)?

Demand-side studies investigate consumer engagement with super 
apps, focusing on the factors that influence consumer adoption and non- 
adoption (Table 1). These studies range from the exploration of initial 
levels of awareness or interest in super apps to the analysis of usage 
patterns across various contexts (Huang & Miao, 2021; Fang et al., 2024; 
Kusmanto & Surja, 2024; Rizki et al., 2024a, b; Salehi et al., 2023; Zhu 
et al., 2023). However, they are predominantly focused on Asian mar
kets, where adoption rates are high. Hasselwander and Weiss (2024)
offer early insights into consumer attitudes toward super apps in Euro
pean markets, revealing considerable interest in adopting multi-purpose 
apps in Germany. The study shows that performance expectancy and 
price value are key factors behind adoption but that privacy and 
market-dominance concerns play a significant role in shaping consumer 
behavior. It also demonstrates that male smartphone users are generally 
more likely to adopt super apps.

Notably, demand-side studies draw on the broader literature on 
technology adoption, which introduces various theories to examine 
consumer behaviors and intentions toward new services and products 
(Lai, 2017). Key frameworks used in previous super app studies include 
the Technology Acceptance Model (TAM) and the Social Construction of 
Technology (SCoT) theory (Salehi et al., 2023), the extended Unified 
Theory of Acceptance and Use of Technology (UTAUT2) (Hasselwander, 
2025; Hasselwander & Weiss, 2024; Kusmanto & Surja, 2024), and the 
Stimulus–Organism–Response (S-O-R) paradigm (Salehi et al., 2023; 
Zhu et al., 2023). Moreover, given the multi-purpose nature of super 
apps, researchers have employed additional insights from synergy the
ory (Fang et al., 2024), brand extension theory (Zhu et al., 2023), and 

the uses and gratifications (U&G) theory (Salehi et al., 2023) to better 
understand the complex processes underlying the adoption of super 
apps.

2.2. Development of hypotheses

Segmentation processes are typically driven by diversity within the 
consumer base, making an exploratory approach with empirical analysis 
ideal for identifying meaningful market segment characteristics (cf. Díaz 
et al., 2015; Pallant et al., 2022). In support of this, we consult the 
literature and existing theories to select key variables as potential in
dicators of segmentation and develop testable hypotheses.

2.2.1. Super app perception
In examining intentions surrounding the adoption of super apps, we 

draw on the extended Unified Theory of Acceptance and Use of Tech
nology (UTAUT2) (Venkatesh et al., 2012), a framework that has pre
viously been used to study consumers’ intentions with regard to various 
services relevant to the domain of super apps, such as mobile banking 
(Owusu Kwateng et al., 2019), mobile payments (Migliore et al., 2022), 
and social commerce (Sadiq et al., 2025). In this study, we derive the 
following latent constructs from the UTAUT2 model based on their 
theoretical relevance: performance expectancy (PE), effort expectancy 
(EE), social influence (SI), price value (PV), and habit (HA).

While there have yet to be any studies that integrate latent constructs 
to identify super app segments, related studies have focused on app users 
in the context of online shopping (e.g., Brand et al., 2020; Ganesh et al., 
2010; Rohm & Swaminathan, 2004) or social media (e.g., Foster et al., 
2011; Serrano-Malebrán & Arenas-Gaitán, 2021).

Previous research shows that consumer expectations regarding super 
apps’ performance and benefits influence their intentions with regard to 
adoption (and continued used) (Fang et al., 2024; Salehi et al., 2023). 
Moreover, consumers are likely to be influenced by the opinions and 
behaviors of their peers (Bhukya & Paul, 2023). Positive feedback and 
recommendations from social networks can raise the perceived value of 
super apps and encourage their adoption (Salehi et al., 2023). Moreover, 
consumers’ willingness to adopt super apps is influenced by how they 

Table 1 
Studies on super app adoption and usage.

Publication Case study Sample Dependent variable Methods Key findings

Huang and Miao 
(2021)

WeChat (China) N = 21 Discontinued use of 
super app features

Semi-structured interviews Super app users follow a "use, non-use, reuse" cycle of certain 
services to maintain control and balance in their lives.

Salehi et al. (2023) Rubika (Iran) N = 472 Continued use intention 
of super apps

Structural equation 
modeling

Super app adoption is driven by hedonic, utilitarian, and social 
benefits, with user satisfaction and engagement as mediators.

Zhu et al. (2023) LINE (Taiwan) N = 358 Adoption intention of 
super app service 
extension

Structural equation 
modeling

Super app users’ attitudes toward service extensions (mobile 
payment) depend on trust, habit, and synergy with the core 
app, as well as privacy concerns.

Fang et al. (2024) LINE (Taiwan) N = 814 Adoption intention of 
new super app service

Structural equation 
modeling

Expected service synergy plays a crucial role in motivating 
users to adopt new services within a super app.

Rizki et al. (2024a) Gojek and Grab 
(Indonesia)

N =
1051

Adoption of super apps Cluster analysis Four clusters of super app users are identified, while usage 
varies by function and is influenced by personality, location, 
and motivations.

Rizki et al. (2024b) Gojek and Grab 
(Indonesia)

N =
1051

Super app usage 
behavior over time

Longitudinal data analysis Super apps are most used for transportation and shopping, with 
usage patterns influenced by personality, socio-demographics, 
and city size, while new services positively impact overall app 
use.

Kusmanto and 
Surja (2024)

Digital banking 
super apps 
(Indonesia)

N = 410 Adoption intention of 
super apps

Structural equation 
modeling

Gen Z adopts digital banking super apps for efficiency, with 
performance expectancy, facilitating conditions, hedonic 
motivation, and habit as key influencing factors.

Hasselwander and 
Weiss (2024)

Germany N =
1019

Adoption intention of 
super apps

Structural equation 
modeling

Performance expectancy and price value increase consumers’ 
acceptance of super apps, while perceived risk negatively 
impacts adoption intentions.

Hasselwander 
(2025)

Germany N = 575 Adoption intention of 
transport super apps

Structural equation 
modeling and necessary 
condition analysis

Performance expectancy, price value, and habit significantly 
impact behavioral intentions to use transport super apps. “App 
fatigue” positively influences adoption, suggesting that super 
apps are seen as replacements for multiple single-purpose apps.

This study Germany N = 764 Preferences for super 
app services

Cluster analysis and 
regression analysis

Different consumer groups favor certain super app service 
combinations. Super apps should focus on these preferences 
rather than a broad service range.
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perceive their costs relative to their benefits. Consumers already 
accustomed to using apps for booking, ordering, paying, and managing 
daily tasks are also more likely to adopt super apps (Hasselwander et al., 
2022; Kusmanto & Surja, 2024). As shown by Fang et al. (2024), plat
forms that integrate multiple functionalities foster service synergies, 
promoting adoption intentions.

To address prevalent concerns about digital technologies among 
German consumers, we also incorporate the perceived risk (PR) 
construct (Martínez-Cañas et al., 2023; Mitchell, 1999). This construct 
helps to account for consumers’ security and privacy concerns, which 
may influence super app adoption in this region (Cloos & Mohr, 2022; 
Fodor & Brem, 2015).

Based on the findings of previous research, we propose the following:

H1. Performance expectancy is a significant indicator for the forma
tion of distinct super app market segments.

H2. Effort expectancy is a significant indicator for the formation of 
distinct super app market segments.

H3. Social influence is a significant indicator for the formation of 
distinct super app market segments.

H4. Price value is a significant indicator for the formation of distinct 
super app market segments.

H5. Habit is a significant indicator for the formation of distinct super 
app market segments.

H6. Perceived risk is a significant indicator for the formation of 
distinct super app market segments.

2.2.2. Individual traits
The literature on innovation adoption indicates that different soci

odemographic groups respond differently to new technologies in terms 

of both timing and extent (Dash et al., 2023; Marikyan et al., 2023). 
Previous studies have shown that sociodemographic characteristics and 
usage behaviors are also significant factors in identifying distinct con
sumer segments (Foster et al., 2011). Rizki et al. (2024b) show that 
younger consumers with higher levels of education are more likely to 
adopt super apps in Indonesia. Similar differences in app adoption have 
been noted based on device type (Natarajan et al., 2018) and use fre
quency (Lee, 2019). That is, consumers who invest more time and 
money in their smartphones are generally more receptive to mobile 
innovations, such as super apps.

Based on the findings of previous research, we propose the following:

H7. Consumers’ sociodemographic characteristics are significant in
dicators for the formation of distinct super app market segments.

H8. Smartphone and app use behavior are significant indicators for the 
formation of distinct super app market segments.

3. Data and methods

3.1. Sampling and data collection

Primary data was collected through an online survey of smartphone 
users in Germany conducted in December 2023. The questionnaire was 
developed by the authors and translated into German using the double- 
translation technique. The survey primarily consisted of multiple-choice 
and Likert-scale questions to capture respondents’ characteristics and 
gain insights into how they perceive super apps. Participants were 
recruited and incentivized through a private market research firm’s 
online panel. A quota-sampling approach was employed and a total of 
1019 complete responses were collected. The sample was representative 
in terms of gender, age, and household net income based on the latest 
available German census data.

However, we excluded 321 observations from respondents who 
indicated a low likelihood of adopting super apps if they were to become 

Table 2 
Overview of study variables.

Variable Description Observations (%) Census (%)*

SEX Female 
Male

370 (48) 
394 (52)

51 
49

AGE 18–29 
30–39 
40–49 
50–59 
60–69

141 (18) 
154 (20) 
148 (19) 
185 (24) 
136 (18)

18 
19 
19 
25 
18

INCOME < 1500€ 
1500€ ≤ 2600€ 
2600 ≤ 5000€ 
> 5000€

118 (15) 
192 (25) 
277 (36) 
177 (23)

25 
25 
22 
22

RESID Rural Area (< 5000 inhabitants) 
Small Town (5000 ≤ 20,000 inhabitants) 
Medium-Sized Town (20,000 ≤ 100,000 inhabitants) 
Large City (100,000 ≤ 500,000 inhabitants) 
Metropolis (> 500,000 inhabitants)

135 (18) 
145 (19) 
188 (25) 
134 (18) 
162 (21)

14 
27 
28 
15 
18

DEVICEAGE <6 months 
Between 6 and 12 months 
Between 1 and 2 years 
Between 2 and 5 years 
>5 years

21 (03) 
217 (28) 
228 (30) 
156 (20) 
142 (19)

n/a 
n/a 
n/a 
n/a 
n/a

DEVICEPRICE Less than €250 
€250 to under €500 
€500 to under €750 
€750 to under €1000 
More than €1000

138 (18) 
233 (30) 
158 (21) 
145 (19) 
90 (12)

n/a 
n/a 
n/a 
n/a 
n/a

APPUSE Rarely (I use apps only rarely, e.g. once a week or less.) 
Occasionally (I use apps occasionally, e.g. once a day or less.) 
Regularly (I use apps regularly, e.g. multiple times a day.) 
Very regularly (I use apps very regularly, e.g. multiple times an hour.) 
Constantly (I use apps constantly, e.g. all day long.)

18 (02) 
73 (10) 
318 (42) 
150 (20) 
205 (27)

n/a 
n/a 
n/a 
n/a 
n/a

*Data from the Federal Statistical Office and Federal Agency for Civic Education, also cited in Hasselwander and Weiss (2024).
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available (a 1 or 2 on the five-point Likert scale question). This was done 
to avoid bias from non-users and to ensure that our analysis specifically 
focused on respondents who demonstrate a readiness to use super apps, 
thereby providing more accurate insights into the preferences of po
tential adopters. However, we included respondents who scored a 3 to 
capture a broader spectrum of attitudes and behaviors toward super 
apps, acknowledging their possible adoption under certain circum
stances or after certain improvements. Following additional data 
cleaning and the removal of problematic responses, such as “straight
liners” and “speeders” (n = 24), the analysis is conducted on a sample of 
N = 764 observations. As shown in Table 2, the sample remains largely 
representative of the census, although males, higher-income segments, 
and residents from large cities and metropolises are slightly over
represented. This aligns with previous studies, indicating that these 
socio-economic groups are more likely to adopt new technologies, 
including apps (e.g., Dash et al., 2023; Hasselwander & Weiss, 2024).

3.2. Variables and measures

The variables used in this study, derived from our survey data, relate 
to the (i) perception of super apps, (ii) consumers’ sociodemographic 
characteristics, (iii) smartphone and app usage behavior, and (iv) stated 
preferences for super app services.

Perceptions of super apps were assessed using the theory-based 
constructs expected to predict intentions with regard to app adoption 
(Fig. 1). These latent variables are measured along a 5-point Likert scale. 
The items from the UTAUT2 model—PE, EE, SI, PV, and HA—were 
adapted from Venkatesh et al. (2012), while four items for PR were 
derived from the preceding literature review (Cloos & Mohr, 2022; 
Fodor & Brem, 2015; Martínez-Cañas et al., 2023; Mitchell, 1999). A 
confirmatory factor analysis (CFA) was performed to assess the con
structs’ internal reliability as well as their convergent and discriminant 
validity (Price, 2022). During this process, two items with problematic 
standardized factor loadings were identified and subsequently removed. 
Due to these measurement issues, the constructs HA and PV consist of 
just two items each.

The variables for consumers’ sociodemographic characteristics and 
smartphone and app usage behavior are summarized in Table 2. SEX is a 
dummy variable, while the remaining variables are measured on an 
ordinal scale.

The final set of variables represent the stated preferences for super 
app services. Respondents were asked to select up to three services they 

considered most important from a comprehensive list of super app ser
vices, gathered through a review of existing super apps and presented in 
randomized order. The results for this question are shown in Fig. 2. Note 
that we excluded the variable ‘online dating’ from further data analysis 
as it did not receive a significant number of selections (21).

3.3. Analytical framework

In line with previous research (e.g., Chikhungu et al., 2019; Fraboni 
et al., 2021; Ogundele et al., 2020), this study employed a two-step 
quantitative approach (Fig. 3). We used a combination of quantitative 
research methods, including cluster and regression analysis. This 
approach enabled us to not only identify distinctive consumer prefer
ences but also understand the specific characteristics of the underlying 
consumer groups.

Cluster analysis is frequently used across different scientific disci
plines to identify consumer segments with similar characteristics or 
preferences (e.g., Dash et al., 2023; Díaz et al., 2015; Zhou et al., 2020), 
enabling us to partition them into distinct market segments. Initially, we 
used hierarchical cluster analysis to estimate the optimal number of 
clusters within our dataset. This technique gave way to a hierarchy of 
clusters, where clusters at one level are joined to form larger clusters at 
the next level. Here, we utilized binary variables to represent prefer
ences for super app services, with 1 indicating respondents’ preference 
for the respective service. To estimate the number of clusters (k), we 
utilized Ward’s linkage method (Tamasauskas et al., 2012), aiming to 
identify clusters that are more evenly sized based on squared Euclidean 
distances. Compared to single linkage (which can produce elongated 
clusters) and complete linkage (which may create uneven cluster sizes), 
Ward’s linkage method minimizes total within-cluster variance, 
ensuring compact and homogeneous clusters. The use of squared 
Euclidean distances further supported this goal by emphasizing larger 
differences between observations, creating well-separated and distinct 
clusters that improve interpretability in consumer segmentation. Sub
sequently, based on the number of identified clusters, we used k-means 
clustering to partition the observations (n) into k(≤ n) sets S = {S1, S2,

…, Sk} so as to minimize the within-cluster sum of squares. The k-means 
algorithm assigned data points to clusters and updated the cluster cen
ters iteratively until convergence (i.e., no more or only marginal changes 
in the cluster centers are reached) (Ikotun et al., 2023).

We then used multinomial logistic (MNL) regression (Greene, 2012) 
to determine the factors responsible for assigning the observations to a 

Fig. 1. Mean values of items measuring the latent variables.
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cluster. In this context, consider for k possible clusters, running k − 1 
individual binary logistic regression models, in which one cluster is 
chosen as a reference category (or "pivot") and the remaining clusters are 
separately regressed against the pivot outcome. Considering the last 
cluster k as the chosen pivot, the k − 1 regression equations were as 
follows: 

ln
Pr(Yi = j)
Pr(Yi = k)

= βk × xi , j < k (1) 

where the left-hand side of the equation represents the log odds ratio of 
individual i belonging to cluster j compared to the reference category k, 

and βk denotes the coefficient associated with the predictor xi for cate
gory k. Note that, in an MNL model, each category has its own set of 
coefficients. xi represents the vector of predictor variables for individual 
i.

We computed several goodness of fit metrics to assess the model’s 
performance: (a) the log-likelihood values for the null model, only 
consisting of the intercept without predictors, and for the full model 
with predictors, (b) the Cox and Snell R² and Nagelkerke R², two 
commonly used pseudo-R² measures in logistic regression modeling to 
estimate the proportion of variation explained by the model, and (c) the 
correct predictions, the proportion of cases for which the model 
correctly predicts the outcome cluster.

4. Results

4.1. Cluster analysis

Fig. 4 shows the results of the hierarchical clustering. The dendro
gram visually demonstrates that the observations can be grouped 
together into five main clusters. Note that on the y-axis, each point 
represents an observation, while the x-axis indicates the rescaled dis
tance at which clusters combine.

We therefore performed k-means clustering with k = 5. The algo
rithm converged after 24 iterations, producing distinct clusters based on 
the observed patterns. Table 3 summarizes the final composition of 
clusters, indicating the preferences for super app services within each 
cluster, with values ranging from 0 to 1. Here, a value of 0 indicates that 
no observation in the cluster selected the respective super app service, 
while a value of 1 indicates that the respective super app service is 
selected by all observations. The F-values in the table indicate the sig
nificance of each variable in differentiating between the clusters. Higher 
F-values suggest greater differences in means across clusters, indicating 
significant contributions of variables to cluster distinction. Notably, 
ShoppingECommerce emerges as the most influential variable, with its 
contribution significantly shaping cluster distinctions. Specifically, in 
Clusters 2 and 5, almost all or all observations selected Shop
pingECommerce, while in Clusters 1, 3, and 4, it is selected by none or 
almost none of the observations. Based on the p-values, nearly all vari
ables demonstrate statistical significance at 99 % or 99.9 %, except for 
Insurance, SportsLeisure, and FitnessWellness.

Fig. 2. Preferences for super app services among potential adopters.

Fig. 3. Analytical framework.
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4.2. Regression analysis

Table 4 presents the results of the MNL regression model, with 
Cluster 5 serving as the reference category. The R² values of 0.131 (Cox 
and Snell) and 0.125 (Nagelkerke) suggest that the final model explains 
a modest proportion of the variance in the dependent variable. The log- 
likelihood values indicate that the final model provides a better fit than 
the null model. Moreover, the Likelihood Ratio test yielded a significant 
chi-square statistic (χ² = 102.221, df = 52, p < 0.001), indicating strong 

evidence that the final model differs significantly from the null model. 
The final model demonstrates the ability to accurately predict approxi
mately 32.7 % of clusters, with Cluster 1 exhibiting a notably lower 
prediction rate at 4.2 % compared to the others (34.5 %, 46.0 %, 35.8 %, 
and 35.9 % respectively). Given the context of handling stated prefer
ence data and the novelty surrounding the super app concept, we argue 
that this reflects a satisfactory level of predictive power.

The interpretation of the coefficients and significances of the inde
pendent variables follows below. 

Fig. 4. Dendrogram of the hierarchical clustering.
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• PE: PE was only significant for the Clusters 3 (β = − 0.301, p 
< 0.05) and 4 (β = − 0.339, p < 0.01). The estimates suggest that 
individuals in these clusters anticipate significantly less benefits from 
using super apps compared to those in the reference category Cluster 
5. Accordingly, their interest in super apps is formed by other factors 
such as effort expectancy and social influence.

• EE: Indeed, effort expectancy emerges as a significant predictor in 
Cluster 4 (β = − 0.273, p < 0.01), unlike in the remaining 

categories. This suggests that individuals in Cluster 4 anticipate a 
high degree of ease associated with the use of super apps.

• SI: Social influence, on the other hand, has a strong influence in 
Cluster 3 (β = 0.274, p < 0.01), and is also significant in Clusters 1 
(β = 0.236, p < 0.05) and 2 (β = 0.196, p < 0.05). Accordingly, the 
interaction of individuals in Cluster 1 with super apps are likely 
influenced by social groups or the media.

• PV: The price value variable emerges as a significant predictor in 
Clusters 1 (β = − 0.291, p < 0.05) and 2 (β = − 0.333, p < 0.01). 
This suggests that individuals in these clusters expect a considerably 
worse trade-off between perceived benefits of using a super app and 
the monetary cost associated with it. It can therefore be anticipated 
that these segments are particularly price sensitive.

• HA: Habits are only significant in Cluster 3 (β = − 0.485,
p < 0.001). Interestingly, despite consisting of mainly younger co

horts, this segment seems to be less accustomed to use apps for 
completing daily chores on their smartphones. Instead, they priori
tize services for entertainment purposes such as social media, instant 
messaging, and video streaming.

• PR: No statistically significant relationship has been observed for the 
PR variable across all clusters.

• SEX: All clusters exhibit a positive coefficient for the SEX variable, 
while only Cluster 2 is not statistically significant. This suggests that 
males are more likely to belong to one of these clusters, especially 
Cluster 3 (β = 0.512, p < 0.001), compared to the reference cluster.

• AGE: A similar relationship can be observed for AGE, however, with 
all estimates showing a negative coefficient and statistical signifi
cance (p < 0.05). This indicates that the reference cluster represents 
the oldest demographics and Cluster 3 (β = − 0.456, p < 0.001) the 
youngest.

• INCOME: INCOME shows significance within Clusters 3 (β = −

0.364, p < 0.001) and 4 (β = − 0.245, p < 0.01). These clusters 
are therefore characterized by a lower household net income.

• RESID: No statistically significant relationship has been observed 
between the cluster categories and the RESID variable. Interestingly, 
while Clusters 3 and 5 show negative coefficients, Cluster 1 exhibits 
the largest estimate (β = 0.066, p > 0.05). This finding suggests 
some weak evidence that this is the most customized cluster for the 
needs of urban dwellers.

• DEVICEAGE: No statistically significant relationship has been 
observed for DEVICEAGE across all clusters. Interestingly, however, 
it appears that both Cluster 1 (β = − 0.141, p > 0.05) and Cluster 3 

Table 3 
Cluster composition by super app services.

Cluster 1 (n = 120) Cluster 2 (n = 174) Cluster 3 (n = 163) Cluster 4 (n = 165) Cluster 5 (n = 142) F-value

InstantMessenger 0.08 0.16 0.41 0.23 0.16 14.6***
Mobility 0.38 0.2 0.12 0.18 0.07 12.5***
FoodDelivery 0.13 0.33 0.09 0.21 0.13 10.6***
GroceryDelivery 0.13 0.29 0.17 0.3 0.23 4.7***
MapsNavigation 0.38 0.33 0.26 0.15 0.29 5.5***
ShoppingECommerce 0.04 1 0.18 0 0.99 985.1***
RestaurantHotelFlights 0.53 0.22 0.1 0.1 0.3 26.3***
PackageDelivery 0.1 0.38 0.06 0.59 0.31 43.5***
Insurance 0.1 0.11 0.04 0.1 0.12 2.1
SocialMedia 0.2 0.33 0.85 0.17 0.42 65.4***
MoviesVideoStreaming 0.09 0.18 0.38 0.18 0.08 15.7***
MusicStreaming 0.1 0.18 0.6 0.13 0.15 458***
MedicalServices 0.8 0.29 0.06 0.15 0.21 75.7***
EducationELearning 0.24 0.12 0.14 0.1 0.08 4.5***
BankingFinancialServices 0.38 0 0.29 0.32 1 157.8***
MobileGames 0.03 0.06 0.15 0.11 0.08 4.0**
DomesticServices 0.15 0.06 0.05 0.05 0.04 4.2**
SportsLeisure 0.21 0.18 0.13 0.09 0.1 3.1
FitnessWellness 0.17 0.11 0.14 0.1 0.04 3.1

Note: Bold marks the most influential service in each cluster.
*p < 0.05; ***p < 0.01; ***p < 0.001.

Table 4 
Results of the MNL model.

Cluster 1 
β(SE)

Cluster 2 
β(SE)

Cluster 3 
β(SE)

Cluster 4 
β(SE)

Intercept 1.158 
(1.131)

2.243*** 
(1.022)

3.905*** 
(1.049)

5.033*** 
(1.033)

SEX 0.364* 
(0.260)

0.159 
(0.237)

0.512*** 
(0.248)

0.314* 
(0.244)

AGE − 0.142* 
(0.101)

− 0.231*** 
(0.092)

− 0.456*** 
(0.096)

− 0.279*** 
(0.094)

INCOME − 0.125 
(0.142)

− 0.130 
(0.130)

− 0.364*** 
(0.135)

− 0.245** 
(0.132)

RESID 0.066 
(0.093)

0.014 
(0.085)

− 0.007 
(0.089)

− 0.008 
(0.088)

DEVICEAGE − 0.141 
(0.115)

0.008 
(0.104)

− 0.130 
(0.109)

− 0.083 
(0.107)

DEVICEPRICE 0.174* 
(0.113)

0.123 
(0.102)

0.294*** 
(0.107)

0.131 
(0.106)

APPUSE − 0.108 
(0.141)

− 0.060 
(0.128)

0.135 
(0.134)

− 0.088 
(0.131)

PE − 0.014 
(0.211)

0.011 
(0.193)

− 0.301* 
(0.206)

− 0.339** 
(0.197)

EE 0.059 
(0.196)

− 0.103 
(0.178)

− 0.048 
(0.184)

− 0.273* 
(0.176)

SI 0.236* 
(0.169)

0.196* 
(0.152)

0.274** 
(0.163)

0.133 
(0.159)

PV − 0.291* 
(0.210)

− 0.333** 
(0.192)

− 0.086 
(0.202)

− 0.189 
(0.199)

HA − 0.190 
(0.167)

− 0.123 
(0.155)

− 0.485*** 
(0.158)

− 0.146 
(0.156)

PR 0.049 
(0.147)

0.029 
(0.135)

− 0.029 
(0.143)

− 0.075 
(0.142)

Model summary statistics ​ ​ ​
Cox and Snell R² 0.131 ​ ​ ​
Nagelkerke R² 0.125 ​ ​ ​
LL(0) 2446.403 ​ ​ ​
LL(β) 2344.182 ​ ​ ​
Correct predictions 32.7 % ​ ​ ​

Note: *p < 0.05; ***p < 0.01; ***p < 0.001.
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(β = − 0.131, p > 0.05) are associated with the use of newer 
devices.

• DEVICEPRICE: DEVICEPRICE emerges as a significant predictor in 
Cluster 1 (β = 0.174, p < 0.05) and Cluster 3 (β = 0.294, p 
< 0.001). Consequently, consumers belonging to these clusters are 
associated with the use of more expensive devices, particularly those 
in Cluster 3. Since also Cluster 2 (β = 0.123, p > 0.05) and Cluster 4 
(β = 0.131, p > 0.05) have positive estimates, we can deduce that 
the reference category, Cluster 5, is associated with the use of the 
least expensive devices.

• APPUSE: The app use behavior of potential super app adopters did 
not emerge as a statistically significant predictor in any of the 
clusters.

Taken together, we accept hypotheses H1 through H5, while our 
results partially support hypotheses H7 and H8. Hypothesis H6 is 
rejected.

4.3. Market segments for super app services

Below we summarize the identified distinct market segments 
informed by the cluster and regression analyses.

4.3.1. Urban explorers (15.7 % of consumers)
Cluster 1 is characterized by its notable emphasis on facilitating 

access to offline services. Members of this cluster, dubbed "Urban Ex
plorers", prioritize the convenience of using super apps to seamlessly 
schedule medical appointments, make restaurant reservations, and book 
flights and hotels online.

4.3.2. Versatile majority (22.8 % of consumers)
Cluster 2 is the largest cluster and the most heterogenous in terms of 

socioeconomic composition. Therefore, we label this cluster "Versatile 
Majority". Consumers in this cluster exhibit a preference for a wide array 
of services, ranging from shopping and e-commerce to various delivery 
services, maps and navigation, and social media.

4.3.3. Digital enthusiasts (21.3 % of consumers)
Cluster 3 emerges as the most homogeneous market segment in terms 

of both socioeconomic composition and preferred services. This cluster 
predominantly comprises younger demographics, mostly male, with 
lower incomes. Referred to as the "Digital Enthusiasts", individuals in 
this cluster commonly use more expensive devices and are accustomed 
to consuming digital services such as social media, instant messaging, 
and movie and video streaming.

4.3.4. Efficiency experts (21.6 % of consumers)
Cluster 4, labeled as "Efficiency Experts", embodies a market segment 

characterized by individuals who prioritize efficiency and convenience 
in their daily activities. Members of this segment commonly rely on 
package and grocery delivery services, as well as banking and financial 
services, to streamline their errands and financial transactions.

4.3.5. Golden triangle (18.6 % of consumers)
Cluster 5 represents a market segment of older individuals, pre

dominantly female, with higher incomes. Notably, this group shows a 
strong preference for banking and financial services, shopping and e- 
commerce, and social media. The combination of these services forms 
the “Golden Triangle” as defined by Fasnacht (2021).

5. Discussion and implications

5.1. Theoretical implications

Previous studies on super app demand have primarily focused on 
modeling adoption intention and actual usage (Table 1). In line with our 

research question (RQ1), we broadened the literature by identifying 
consumer groups with similar preferences for super app services and 
delineating the indicators that shape these distinct super app market 
segments.

Our analysis revealed five heterogeneous clusters, and we showed 
that latent variables play a key role in shaping these clusters. For 
instance, performance expectancy (PE) appears to deter certain users, as 
demonstrated by its negative association with Clusters 3 and 4, sug
gesting that perceived benefits alone do not drive engagement. Effort 
expectancy (EE) plays a crucial role for Cluster 4, highlighting the 
importance of usability in the shaping of adoption behavior—especially 
among those who prioritize efficiency. Social influence (SI) emerges as a 
key external driver, significantly impacting multiple clusters; this in
dicates that peer networks and social media exposure influence 
engagement with super apps. This finding helps explain why the first 
generation of super apps—WeChat, LINE, and KakaoTalk—was built 
upon the framework of popular social media platforms, leveraging 
existing user bases and social connectivity to drive adoption and 
expansion (Huang & Miao, 2021; Park & Kim, 2024; Steinberg, 2020). 
Concerns over price value (PV) further differentiate consumer segments, 
reinforcing the idea that cost-benefit perceptions influence 
decision-making pertaining to the adoption of super apps (Hasselwander 
& Weiss, 2024; Kusmanto & Surja, 2024). The role of habit (HA) sug
gests that even younger users may not automatically integrate super 
apps into their daily routines unless they align with existing usage pat
terns. Indeed, Park and Kim (2024) highlight that habit formation on 
platforms was a key factor behind the success of the KakaoTalk super 
app, as it reinforced user retention and encouraged ongoing engage
ment. Interestingly, perceived risk (PR) does not shape cluster forma
tion, aligning with previous research that identifies it as a key driver of 
non-adoption (Hasselwander & Weiss, 2024) rather than a differenti
ating factor among adopters. These insights highlight the heterogeneity 
in consumer decision-making, emphasizing the need for tailored 
engagement strategies across different market segments (Wijekoon 
et al., 2021).

Our analysis revealed that the identified clusters are also influenced 
by consumers’ sociodemographic characteristics. While Hasselwander 
and Weiss (2024) show that men are typically the early adopters of super 
apps, we identified a distinct high-income female user segment (Golden 
Triangle), challenging prevailing assumptions in adoption research and 
underscoring the need for further investigation into the preferences and 
behaviors of less common user groups in pursuit of a stronger under
standing of the diverse dynamics of super app adoption. While Kus
manto and Surja (2024) suggest that younger segments (Gen Z) are the 
primary adopters of banking-focused super apps, and Rizki et al. 
(2024b) find that younger consumers are more likely to continue using 
transport-focused super apps—both studies conducted in Indonesia
—our results reveal a contrasting pattern. More specifically, older co
horts within the "Golden Triangle" cluster exhibit strong preferences for 
banking/financial services, underscoring significant cultural differences 
in super app preferences. These findings challenge the assumption that 
younger users are universally the primary adopters of digital services, 
emphasizing the importance of considering local cultural and de
mographic dynamics when studying super app adoption 
(Méndez-Suárez et al., 2023; Niehaves & Plattfaut, 2014). The signifi
cance of income in shaping consumer segments, particularly within 
Clusters 3 and 4, highlights the need to consider socioeconomic status as 
a critical factor in adoption models.

5.2. Managerial implications

The results of the analyses hold important implications for digital 
platform providers. This section discusses which super app services 
digital platforms should integrate to efficiently address consumer pref
erences. In addition, we discuss who could lead the integration of these 
services, and how to reach the respective target group (Table 5).
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The "Urban Explorers" exhibit the strongest preference for offline 
services and activities. This segment presumably also relies on super 
apps for mobility and/or navigation services to reach these offline ac
tivities, and subsequently, to process payments. Interestingly, these 
services closely overlap with those that have already been integrated by 
mobility platforms like Uber and Bolt (Hasselwander, 2024b). However, 
this segment is the most difficult to identify, as there is limited evidence 
suggesting that it may consist of middle-aged men highly influenced by 
social factors. Additionally, the booking of medical services, restaurants, 
hotels, and flights seems to pose scalability difficulties when compared 
to services that are requested frequently (e.g., delivery services) and 
may potentially yield lower financial returns than subscription-based 
services. Moreover, these services are not necessarily complementary, 
as they are based on different operational models, meaning that each 
service requires unique marketing approaches and partnerships. This 
could lead to increased operational complexity and costs without the 
synergistic benefits seen with more integrated business models. While 
targeting this segment presents a high-risk, high-reward opportunity for 
firms willing to innovate, the long-term financial viability of such efforts 
remains uncertain, as the fragmented nature of these services may limit 
economies of scale and sustainable revenue generation. Nevertheless, 
smaller entrants that are capable of navigating high-risk ventures could 
find a unique opportunity to tap into this market by leveraging niche 
differentiation and specialized service offerings and carving out a 
competitive advantage.

Similarly, the potential rewards in the "Versatile Majority" market 
segment appear limited due to its highly fragmented nature. Smaller 
specialized platforms could encounter considerable challenges in 
catering to the diverse needs and preferences of these consumers. 
However, this market segment tends to favor large tech companies and 
conglomerate platforms that boast diversified portfolios, such as the “big 
five” of Amazon, Alphabet, Apple, Meta, and Microsoft. These industry 
giants are uniquely positioned to leverage economies of scale and 
network effects to secure a significant market share while maintaining 
profitability. Arguably, this dynamic also limits opportunities for stra
tegic cooperation among firms, as their broad business models tend to 
overlap. Consequently, an acquisition strategy could be more feasible in 
instances where larger platforms acquire smaller platforms to expand 
their dominance in these market segments. While this consolidation 
could enhance profitability for dominant players, the intense competi
tion and market saturation could further diminish the financial viability 
of smaller firms, making it increasingly difficult for them to carve out a 
sustainable niche without substantial investment, differentiation, or 
acquisition by larger entities.

Super apps that target "Digital Enthusiasts" could be built on popular 
platforms in the domains of social media, instant messaging, and movie/ 
video streaming. This approach aligns with the actual ambitions of 
Western tech leaders, including Elon Musk (X) and Mark Zuckerberg 
(Meta) (Prud’homme et al., 2023). Arguably, however, it leaves little 
room for strategic cooperation or the emergence of new entrants, 
especially given the low income levels of the target group. Notably, the 
primary growth opportunities may lie in more dedicated engagement 
with this consumer group aimed at increasing revenue per consumer. 
Effective strategies could incorporate targeted marketing and custom
ized service offerings. Digital Enthusiasts highly value technology inte
gration and seamless consumer experiences—key factors that bolster 
consumer engagement and loyalty. By focusing on these aspects, plat
forms can tap existing potential for monetization while fostering a 
strong user base committed to their ecosystem. Nevertheless, the 
competitive landscape remains a significant challenge, as dominant 
players with extensive data-driven capabilities and established ecosys
tems may outcompete smaller entrants, potentially limiting the 
long-term financial viability of new market players looking to enter this 
segment.

"Efficiency Experts" demonstrate a preference for closely related 
services that are easy to integrate, presenting high synergy potentials for 
super apps that target this segment. In the German market, companies 
like DHL and Hermes (for package delivery), along with Flink, Gorillas, 
Lieferando, and Wolt (for food/grocery delivery), are positioned to 
fulfill these needs. Given the complementary nature of the underlying 
services, platforms can benefit from collaborative efforts without 
needing to compete in their core markets. For instance, a partnership 
between a package delivery provider and food delivery provider could 
effectively leverage each of their business models, capitalizing on the 
positive spillover effects of cooperation. Such synergies could enhance 
service efficiency and customer experience, making full use of each 
partner’s strengths in logistics and distribution. This vertical coopera
tion offers relatively limited risk for established firms, enabling them to 
not only penetrate new market segments but also strengthen their core 
operations. The potential benefits include scale efficiencies, improved 
brand visibility, and cross-promotion opportunities, all contributing to 
the competitive advantage of the involved parties. However, the finan
cial viability of such partnerships depends on the evolving competitive 
landscape, as dominant players with extensive logistics networks may 
consolidate the market, making it difficult for smaller firms to compete 
unless they secure strategic alliances or carve out specialized service 
niches.

The “Golden Triangle” harbors opportunities for e-commerce giants 

Table 5 
Summary of market segments.

Cluster 1 
Urban Explorers

Cluster 2 
Versatile Majority

Cluster 3 
Digital Enthusiasts

Cluster 4 
Efficiency Experts

Cluster 5 
Golden Triangle

Key service(s) Medical services Shopping & E-commerce Social Media Package delivery Banking & Financial 
services 
Shopping & E-commerce

Other valued 
services

Restaurant, hotel, flights 
bookings 
Banking & Financial services 
Maps & navigation 
Mobility

Package delivery 
Food delivery 
Maps & navigation 
Social Media

Instant Messenger 
Movies & Video streaming

Grocery delivery 
Banking & Financial 
services

Social Media 
Package delivery

Potential 
super app 
integrator

Bolt, Uber, FREE NOW Amazon, Alphabet, Apple, 
Meta, Microsoft

Meta (Facebook, Instagram, 
WhatsApp), X, YouTube, TikTok, 
Netflix

DHL, Hermes, Flink, 
Gorillas, Lieferando, 
Wolt

Amazon, Otto Group, 
Zalando, Ebay, ING DiBa, 
N26, Klarna, PayPal

Target group Gen X 
Male

Gen X, Millennials Millennials, Gen Z 
Male, low income

Gen X, Millennials 
Male, low income

Boomers, Gen X 
More female, high income

Main 
implications

The most difficult to identify 
and reach market segment, 
where consumers mainly 
demand digitized offline 
services. More difficult to scale 
and less lucrative.

The largest and most 
heterogenous market 
segment. This segment can 
most likely be targeted by 
large tech conglomerates.

The most homogenous and easiest 
to reach market segment. Despite 
lower income, still lucrative due to 
lower expectations and high 
innovativeness and app usage.

Market segment that 
demands closely related 
services, which are easy 
to integrate, enabling 
high synergies.

Elderly, tech savvy market 
segment with a high 
purchasing power. A 
lucrative market segment 
despite high demands on 
price value.
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in the German market, such as Amazon, Otto Group, Zalando, and eBay, 
to collaborate and integrate the services of direct/neobanks and fin-tech 
providers like ING DiBa, N26, Klarna, and PayPal. Representing down
stream and upstream services, these are areas into which e-commerce 
platforms naturally expand through organic growth (e.g., Amazon Pay, 
OTTO Payments) or acquisitions and partnerships (e.g., eBay with 
Adyen). Similarly, e-commerce providers can expand into package de
livery services—another favored service in this market segment—to 
benefit from service synergies (e.g., OTTO Group with Hermes). This 
market segment also favors social media, forming three dimensions that 
stimulate and support one another (Fasnacht, 2021), facilitating the 
exploitation of positive spillover effects. Effective strategies could entail 
offering discounts and bonuses to bolster consumer engagement and 
loyalty. This strategy is particularly suitable for established players who 
can leverage scale effects in the e-commerce and finance sectors as well 
as network effects on social media. These firms are well-positioned to 
utilize existing infrastructure and user bases to maximize these effects, 
thereby solidifying their competitive advantage. However, the financial 
viability of new entrants remains highly uncertain, as the competitive 
landscape is increasingly dominated by a few key players with strong 
brand recognition, vast data resources, and established partnerships, 
making it difficult for smaller firms to carve out sustainable market 
positions without significant investment or differentiation.

Overall, our results suggest that financial viability for large firms is 
reinforced by economies of scale, network effects, and existing infra
structure, positioning them well to dominate integrated and competitive 
segments like the "Golden Triangle" and the "Versatile Majority." Part
nerships constitute a key strategy with which to expand market reach, 
consolidate complementary services, and bolster ecosystem dominance. 
Strategic collaborations with fintech providers, e-commerce platforms, 
or digital payment services allow super apps from other sectors to scale 
efficiently, enhance consumer engagement, and optimize monetization. 
Moreover, platforms can acquire smaller competitors to eliminate po
tential threats while integrating specialized services that complement 
their broader business models. However, regulatory constraints may 
limit consolidation, as authorities are likely to scrutinize partnerships 
that could lead to anti-competitive behavior in the emerging super app 
landscape (Vezzoso, 2024). For smaller firms, financial viability remains 
uncertain, as success hinges on differentiation, investment, and resil
ience in an increasingly consolidated market. However, opportunities 
exist in more fragmented segments like "Urban Explorers" and "Effi
ciency Experts," where specialization and strategic partnerships can 
grant a competitive edge. Forming alliances with established logistics 
providers, fintech firms, and niche service platforms allows smaller 
players to leverage existing infrastructure and customer bases rather 
than start from scratch. Cross-sector collaborations (e.g., between 
mobility services and payment providers, between package delivery 
providers and grocery delivery providers) can create synergies that 
enhance the user experience while improving operational efficiency. 
Additionally, partnerships with regional players may help smaller en
trants to navigate regulatory complexities and acquire localized market 
insights, further strengthening their competitive position. Despite these 
opportunities, long-term sustainability remains challenging for smaller 
firms, which must always maintain strategic positioning and agility to 
compete against dominant players.

5.3. Conclusion and future research directions

This study analyzed consumer preferences for super app services and 
identified distinct consumer segments within the German market, where 
super apps are beginning to emerge. By employing cluster analysis and 
multinomial logistic regression, we categorized respondents into five 
market segments, each with unique service preferences. The findings 
reveal the most crucial service combinations and underscore the 
importance of e-commerce, social media, and banking/financial services 
as key drivers behind super app adoption in Germany. These insights 

highlight the need for super app providers to strategically tailor their 
offerings to meet the specific demands of different consumer segments.

In the discussion of managerial implications, we highlighted ongoing 
developments among super apps, indicating that platform providers are 
already strategically positioning themselves to cater to the needs of 
these market segments. Consequently, we anticipate that super apps will 
go on to establish a strong presence in the German market. A phase of 
consolidation may follow their uptake, in line with expected market 
dynamics in the platform economy (Mariani et al., 2023). However, due 
to the relatively strict regulations and antitrust laws in the German 
context, we presume that more than just one or two super apps will 
remain, in contrast to many Asian markets. There are strong prospects 
for platforms that successfully establish themselves within one of the 
market segments identified in this study. Our findings highlight the 
financial prospects and potential strategic partnerships that could shape 
the super app landscape in Germany moving forward, with large firms 
leveraging scale and network effects and smaller entrants needing to 
focus instead on specialization and cross-sector collaboration. As market 
consolidation persists, the balance between competition, regulatory 
constraints, and partnership opportunities will be critical in determining 
the long-term success of both dominant platforms and niche providers.

We recommend that future research analyze these developments 
further, using network analysis, for example, to explore the evolving 
relationships and impacts within this ecosystem. More specifically, it 
should pursue a more holistic view of the manifold potentials and im
pacts of super apps within the broader context of the EU’s digital 
transformation (Dąbrowski & Suska, 2022) through further in
vestigations into supply-side factors (Fasnacht, 2021; Guo et al., 2024; 
Hasselwander, 2024a), European regulatory landscapes (Hasselwander 
et al., 2024; Nam, 2024; Vezzoso, 2024), and other factors that influence 
the adoption and proliferation of super apps in European markets. Un
derstanding these aspects will provide valuable insights into the chal
lenges and opportunities associated with the integration of super apps, 
informing strategic decision-making and policy interventions in this 
rapidly evolving domain.

This study is not without its limitations. First, our analysis focused 
exclusively on Germany as a representative case for the European 
market more broadly to draw a comparison to Asian markets. Future 
research should include additional cases to address the heterogeneity 
within the European market. Second, while our managerial implications 
were primarily derived with regard to the German market, multinational 
companies may need to adapt these insights to different regulatory 
frameworks. Third, our quantitative approach, which was based on 
stated-preference data, could be enriched by incorporating qualitative 
consumer interviews as part of a mixed-methods approach. This would 
provide deeper insights into each identified market segment and 
potentially uncover more nuanced differences as well as additional 
segments.
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