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Introduction Methods & Materials

Background/Situation: Map of the study site

e With a coastline of about 2,800 km, Venezuela supports numerous seagrass meadows (Vera et al., 2008). , _ Los Rogues
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e There is currently no nationwide seagrass map for Venezuela, only a collection of polygon and point

vector data (UNEP-wCMC & Short, 2021) as well as two mapped islands (Wabnitz et al., 2009; Schweizer et al., 2005).
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e Itis crucial to establish the presence of Venezuela’s native seagrasses, especially given the threat posed © Bhia Do Turame, .~~~ — )
by the invasive Halophila stipulacea. (Vera et al., 2014; Rodriguez et al., 2018). 5 o \J‘*‘-«
Challenge:
Venezuela
e Seagrass data is mostly dispersed across the nation. As such, an established multitemporal approach 9°N;
could be used as an initial stopgap approach to map seagrasses (Traganos et al., 2018; Blume et al., 2023). N .
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e The presence of clouds causes issues with image quality, which cannot be fully mitigated by Longitude
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multitemporal composition alone. To better manage the cloudy pixels, the Cloud Score+ Product was 108N 10,40 [IE 11.95°N
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1. Explore the use of Cloud Score+ to improve the image composites. 078N PN N S R g Ky R
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2. Produce an initial seagrass map of Venezuela. Longitude

Figure M1: Venezuela. Three sites were used to evaluate the predicted map quality, namely Morrocoy National
Park, the Turiamo region, and Los Roques.
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Figure R1: Post-hoc comparison of classification performance of the different product treatments (n = 20) for (A) the Land and deep water masking \
Cloud Score+ products across different time periods, and (B) all the different products/approaches. )
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1. Cloud Score+ products are competitive over open waters while needing a
N —~ ) shorter time period, thereby enabling temporal analyses.
2. Predicted national seagrass maps of Venezuela are produced nationwide
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for the first time.
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