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Flood likelihood values guide end-users

Caution for pixels with low likelihood values

Low likelihood values can express low statistical robustness

Agriculture challenges SAR-based flood detection
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Questions?
Contact me via christian.krullikowski@dlr.de.

Read the preprint on https://arxiv.org/abs/2304.12488.

GFM Wiki Global Flood Awareness System
https://extwiki.eodc.eu/en/GFM https://www.globalfloods.eu/glofas-forecasting/
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