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Accuracy Assessment

Accuracies are calculated between the
predicted coastline and a manually
delineated one as well as an external

positions for several dates
along entire Marie Byrd Land

Fig. 1: Workflow to extract calving fronts from Sentinel-1 imagery (Baumhoer et al. (in prep)).

(see Fig. 3)

Limitations & Challenges

- Huge differences between manually delineated
coastlines demonstrate the subjectivity of calving
front extraction from satellite imagery (Fig. 2/Tab. 1).

coastline from the Antarctic Digital ““““%Mfg‘d Lf””o’ - Melt during summer and wind-roughened sea
Database in June 2018 make front delineation in SAR imagery very
difficult (see Fig 2 A/B). Those scenes have to be
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transects (see Tab. 1)

Tab. 1: Calculated median and absolute mean differences between ADD,
manual and predicted coastline for June 2018 along training and test areas
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Fig. 3: (A) Calving front fluctuations for representative glaciers in
Marie Byrd Land and (B) the mean regression change rate for each
glacier between July 2017 and April 2019. The point size indicates
the R? value for the regression calculation.
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