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Soiling rate measurements

The measurement instrument TraCS
(Tracked Cleanliness Sensor) shown
In Fig. 1 has been used to measure
the soiling rate over more than five
years at Plataforma Solar de Almeria
(PSA) In Spain and Missour (MIS) In
Morocco. It compares the directly
measured DNI with the DNI reflected
from a rotating sample mirror to

greenius (freegreenius.dlr.de) has
been coupled with a novel cleaning
simulation tool that traces each
cleaning vehicle’s movement In the
solar field. The comparison parameter
Is the relative profit increase (RPI)
compared to constant cleaning with
one cleaning vehicle.

The simulation has been performed for
two 50MW power plant configurations,
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